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Abstract
Attracting tourists to a destination through favorable imagery is an essential part of the 
transfer of knowledge in the tourism and hospitality industry. Destination image is defined as 
the expression of objective knowledge, imagination and the subjective emotional thoughts of 
an individual or group. In turn, social media is profoundly changing not only the way we 
communicate, but also the way human beings interact with this imagery and their travel 
environment. Therefore, in order to become more competitive, many firms are seeking to 
leverage the power of social media to gain insights into customer cognition and behavior. 
Social media is beginning to be used for in predicting customer behavior in a wide range of 
industries, including restaurants, retailing, and the hotel industry. By analyzing a collection 
of search engine queries, and historical Twitter data, this paper investigates the competitive 
intelligence of two different groups of hotels in Philadelphia, USA. Further the paper 
provides an analysis of the correlation between social media and hotel occupancy rates, and 
proposes a methodology to predict future lodging demand from empirical data in line with 
the objectives of the t-Forum. Our previous research has shown that mining of social media 
can be used to explain and forecast social and business trends in tourism. In this paper, we 
extend this research to evaluate the transfer of knowledge in the industry. It is hoped that our 
comments will enable t-forum to come up with advice on the transfer of knowledge about 
destinations.
Key words: Social media, Knowledge transfer, Search engines, Hotel industry, Competitive 
intelligence, Twitter

Introduction
Social networking media such as Facebook, Twitter, and Google Plus are becoming more 
prevalent and, as a result human beings are changing the way they receive and share 
information. As a result, by adopting social media networking, businesses and organizations 
worldwide are now able to communicate more easily with their customers in both directions. 
Sending strategic messages to the market, and at the same time retrieving feedback from 
customers in real time, is profoundly changing our way of doing business. In fact, social 
media can not only enhance knowledge regarding customers, but it can also offer insight into 
competing organizations. Specifically, companies can now gain competitive intelligence by 
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discovering interesting knowledge and patterns from textual online data; in order to 
understand more fully products, customers, and competitors, and then converting these data 
into intelligence that can support business decision-making (Dey, Haque, Khurdiya & 
Shroff, 2011).

With respect to the hotel industry however, despite the fact that there have been 
some efforts in adopting social media for guest analysis purposes. Starwood Hotels and 
Resorts was one of the first hotel groups to utilize social media to support potential guests in 
making travel decisions (Lanz, Fishhof & Lee, 2010), however there is still a lack of 
comprehensive analysis on how social media affects the lodging market (Anderson, 2012). 
In an effort to support the lodging industry, and perhaps assist the t-Forum bid to enhance 
knowledge transfer in the industry, this paper focuses on the use of various data mining 
techniques to use Google search engine queries and the sentiment mining of tweet data to 
analyze the competitive intelligence of two groups of hotels in Philadelphia, USA. We 
concentrate on 5-star brands as they are more easily identifiable in the data stream, but in time 
we hope that the methodologies outlined in the paper will be used to gain insights into the 
relationship between social media data and hotel occupancy rates across the board (Blal & 
Sturman, 2014).

The objective of the present research was simply to examine whether tweets can be 
sentiment mined for market intelligence on tourism facilities and attractions; in other words, 
the views being expressed by actual and/or potential consumers in a reliable and as close to 
real-time way. The results lead us to propose that micro-blogs can be used as a source of 
useful information in the development of user-provider relationships within the 
accommodation industry. We came to this conclusion through capturing and studying the 
sentiments expressed in micro-blogs related to a range of different tourism facilities 
destinations (reporting on two of these in this paper), investigating the ways sentiment 
mining could be used in market research for the tourism industry. In achieving its objective, 
this paper reviews the current research undertaken related to sentiment mining and tourism, 
explains the technological background, the nature and location of the data and the analytical 
models employed. We also discuss the reliability of these models. Finally conclusions and 
directions for future work are described.

Background
In 2007 the term 'social technographics' was coined by the Forrester Research Group in the 
US (since shortened to sociographics) in order to help businesses engage in social media with 
a more human approach, catering to individuals where, when, and how they are participating 
and contributing to the social Web (Forrester Group, 2007). By 2010 the group was reporting 
that one in every three online Americans is a "conversationalist" - someone who updates their 
status in the statusphere (any social network with an update window) at least once per week. 
Conversationalists represent 33% of today's online social behavior. The goal of 
sociographics was however not only to classify individual participation in social media, but 
also to encourage the design and segmentation of focused marketing, branding, and 
engagement programs that would appeal to these respective groups. The Group believed that 
in order to effectively form ties that bind with customers, businesses must genuinely 
understand the social behaviors of consumers. By personalizing the messages and the digital 
conduits between brands and markets, businesses evolve from a carpet bombing campaign 
that is essentially marketed at faceless consumers toward using mediums that appeal to 
targeted demographics (characterized by age, income, gender, education, etc.), instead of 
psychographics (grouped by interest).

Knowledge Transfer in the Tourism Industry: Implications of the Use of Social Media in Business Analysis



Journal of Hospitality & Tourism, Vol 13, No-1, 2015

3

The tourism industry in any location is highly dependent on customer sentiment and 
tourist perceptions of currently available services for its capture of visitor flows. However, 
the cost of monitoring these perceptions in near real-time for appropriate action can be 
prohibitively expensive, and may often not be possible with traditional methods of analysis
of tourism motivations and targeted demographics. Since the introduction of the Internet, 
enormous opportunities have opened up for social interaction at a distance (Forrester Group, 
2007; Akehurst, 2009). Tourism in general is ranked one of the leading industries in terms of 
online transactions (Werthner & Ricci, 2004), and is well placed to take advantage of these 
new opportunities revealed by sociographics (Adam et al., 2007). However actual on-line 
content may be limited in value and relatively difficult or costly to locate (Akehurst, 2009). It 
may in fact involve complex ongoing relationships revolving around lifestyle issues and the 
value placed on such sources of information. The barriers to effective Internet usage 
according to Carson (2005) include technical competence, variations in technology, 
adoption by governments, enterprises and consumers, resistance to the innovations brought 
on by the Internet, access to IT infrastructure, the costs of using IT, and the existence of 
government policies which might support but equally might discourage effective Internet 
exploitation. 

So while access to hard-to-reach market segments, or uncovering the unsuspected 
strengths and weaknesses of a particular tourism destination or organization may now be 
possible using the internet, the challenge for market researchers and managers is how to 
search and visit the vast number of social media outlets in order to derive up-to-date and 
useful information (Akehurst, 2009). Choi et al. (2007) relied on analyzing the material 
contained within online magazines and full length blogs, while in our work, we take 
advantage of data that is both delivered in real-time and time-date stamped through micro-
blogs (tweets). Carson (2008) highlight the considerable time and effort required to find 
relevant information in blogs as well as the opportunities and usefulness of these sources. 

There are many types of social media data, but most of them are in forms of 
contextual and unstructured text data such as posts, comments on Facebook, Twitter, hotel 
reviews on Trip Advisor, or search query index from Google, Baidu, and so on (Hepburn, 
2007). Over the last few years, social media data analysis has become a trend in business 
intelligence. To illustrate, Google search queries relating to travel was used to forecast the 
effects of oil spills on lodging demand in the Persian Gulf region (Choi & Liu, 2011), or 
predict tourist volumes in Hainan Province, China (Yang, Pan, Evens & Lv, 2014). 
Moreover, text-mining techniques have also been used to facilitate the exploitation of 
patterns of competitive intelligence from Twitter data in the Pizza industry (He, Zha & Li, 
2013), as well as sentimental knowledge about the development of customer relationships 
within the hospitality industry (Claster, Pardo, Cooper & Tajeddini, 2013). Additionally, 
there has been a rapid development in the tools and algorithms enhancing social media data 
analysis; such as SAS text analysis, Alchemy API, Rapid Miner, and so on.

Other studies show that there has been a considerable amount of work recently 
undertaken in sentiment mining (Pang & Lee, 2008; Barbier & Liu, 2011). The results show 
that the limited size of twitter micro-blogs (140 words) may actually boost text mining 
efficiency, as subject ambiguity is reduced in these shorter expressions, although conclusive 
research has not been conducted (Jindal and Liu, 2006). Jansen, Zhang, Sobel & Chowdury 
(2009), for example, analyzed 150,000 micro-blogs from twitter in terms of frequency, 
timing, and contents of tweets within a corporate account and focused on the sentiment 
expressed towards products produced by that company. Go, Huang & Bhayan (2009) built an 
algorithm to classify sentiment within tweets as positive or negative and achieved accuracy 
as high as 81%, Kennedy and Inkpen (2006) examined the effect of 'valence shifters' such as 
negations, intensifiers, and 'diminishers' in modifying sentiment and extended the study of 

 

 



4

Group Hotel Name

5-Star International

 
Hyatt at the Bellevue

 

Windsor Suites

 

Le Meridien Philadelphia

 

Kimpton Hotel Palomar Philadelphia

5-Star 
Sofitel Philadelphia

 

Four Seasons Hotel Philadelphia
 

The Latham Hotel  
AKA Rittenhouse Hotel  

Table 1.  Hotels in the Study

UGCs by looking beyond unigram features to bigrams. Zhuang et al. (2006) mined the 
Internet movie database (IMDB) to derive sentiment scores and reported that the sentiment 
classification methodology compares favorably to an earlier methodology developed by Hu 
and Liu (2004) for summarizing customer reviews.

In the accommodation industry, the impact of blogs and in particular interactive and 
reader comments has increased along with the popularity of exchange, recommendation and 
opinion sites. Over 20% in 2006, and probably more today, of consumers (tourists) relied on 
user generated content (especially word of mouth) or UGC (Sarks, 2007), probably because 
of their need to obtain comments and opinions from those who have used a hotel before 
(Rabanser & Ricci, 2005; Senecal & Nantel, 2004), and the fact that they may believe in 
social media comments more than in travel agencies (Emarketer, 2007). It is worth noting 
that looking at other tourists' comments and travel blogs are popular online activities in 
relation to accommodation). A comprehensive study by ComScore (2007) confirmed that 
user reviews had a significant influence on customer purchases, and that reviews generated 
by fellow customers have a greater impact than those generated by professionals. In addition, 
online reviews are fast becoming an increasingly useful and important information resource 
as noted by Horrigan (2008), in that 81% of Internet users have done online research on a 
product at least once. Micro-blogging, Twitter being the best-known currently although 
other sites exist, takes the concepts of blogs to a much higher level of intimacy and 
immediacy between individuals, which encourages participation (Akehurst 2009; Beaumont 
2008) and involvement.

Assessing and measuring the sentiment accumulated in the vast store of blogs, 
online publications, social network media and micro-blogs can thus yield tangible and 
actionable information for business, marketing, social sciences, and government. Previous 
research shows that through the use of blog content businesses can improve customer 
profiling, customer acquisition, customer engagement, brand awareness, brand 
reinforcement, reputation management and customer service (Dellarocas, 2003; Laboy & 
Torchio, 2007). Better knowledge of consumer opinions, public attitudes, and generally the 
“wisdom of crowds” can yield highly valuable information for business (Claster et. al., 
2010). Moreover, as the World Wide Web has developed, considerable decision-making 
power over the use of discretionary products like accommodation services has been 
transferred from suppliers to consumers. There is a real need to improve market intelligence 
and market research for hotel organizations in order to facilitate timely decision-making and 
market orientation (i.e. customer orientation, competition orientation and inter-functional 
coordination), and in general, performance in the accommodation industry (Blal and 
Sturman, 2014). This requirement can be said to be universal in the entire tourism industry.

Study Methods and  Analysis
Data Collection
This research makes use of data from various sources including Google trends data, 
Philadelphia's hotel industry related tweets data, and the average occupancy rate of 8 hotels 
in 2 groups in Philadelphia (Table 1). 
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Table 2.  Input Query Strings used to collect Google Trend data and

the Tweet Data Collecting Result

Google Trends Data: Google Trends is Google's online service and provides an index of the 
volume of Google searches that can be classified into different locations (worldwide level or 
specific country), and topic categories (Travel, Society, Business, etc.). After providing a 
certain query string, the website outputs the normalized query volume over a timed period 
(daily, weekly, monthly or annually); filtered by selected location and category options. 
Google trends data on the selected hotels in Philadelphia from the year 2012 to 2014 was 
collected using the respective input queries as shown in Table 2. All of the collected 
information was filtered using “Worldwide” location and “Travel” categories.

Google Trends is Google's online service and provides an index of the volume of 
Google searches that can be classified into different locations (worldwide level or specific 
country), and topic categories (Travel, Society, Business, etc.). After providing a certain 
query string, the website outputs the normalized query volume over a timed period (daily, 
weekly, monthly or annually); filtered by selected location and category options. Google 
trends data on the selected hotels in Philadelphia from the year 2012 to 2014 was collected 
using the respective input queries as shown in Table 2. All of the collected information was 
filtered using “Worldwide” location and “Travel” categories.

Tweet postings on each of the eight selected hotels Twitter accounts:
According to Twitter policy, the latest streaming tweets data of a single Twitter user can be 
retrieved by the provided Application Programming Interface (API), at a maximum of 3200 
tweets, and with various other limitations such as on the number of requests per 15-minute 
period. To do this we developed a web scraping program in the Ruby programming language 
to move tweet data to a local computer from an external online service called Tweet Tunnel, 
which shows up to 3200 of the latest tweets directly on its website. The tweets data consists of 
the Tweet ID, the username, tweet contents, and the posted date. The column “Number of 
Retrieved User's Tweets” in Table 2 illustrates the number of successful retrieved tweets for 
each of the eight selected hotels.

Public Tweets: several aggressive searches were carried out on a personal local database of 
roughly 1 Tera bytes of public tweets. This was done to filter-out tweets talking about a 
certain member of the 8 selected hotels, or about the general lodging interest in Philadelphia. 
The search results are shown in the “Number of Retrieved Public Tweets” in Table 2. 

Philadelphia's Hotels Occupancy Rate: The data set was provided by Smith Travel Research 
Inc. (STR), and included average hotel occupancy rates for the hotel industry in Philadelphia, 
as well as the average hotel occupancy rates of the two groups of selected hotels. The data 
were collected at both daily and monthly time periods from January 2008 to May 2014. 

Journal of Hospitality & Tourism, Vol 13, No-1, 2015
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Figure 1.  Normalized search query volume of 5 different hotels in Philadelphia. From
left to right of the legend: Sofitel, Four Seasons, Hyatt Regency, The Latham, and

Le Meridien

Data Processing
In order to ensure the accuracy and the performance of the analysis, a pre-processing 
procedure was been carried out on the collected data. Specifically, all the tweets were first 
transferred to lower case characters, and then any tweet duplications were removed from the 
data set. In the case of Word-cloud analysis, which will be introduced later, all the hyperlinks, 
English stop-words (a, the, an, is, etc.), and words generating less value for the analysis, such 
as “Hotel”, “Philadelphia”, “Philly”, keywords expressing names of hotels (“Four seasons”, 
“Bellevue”, etc.), included in the tweet postings were also eliminated. Furthermore, since the 
AKA Ritten house Hotel in Philadelphia does not own a specific Twitter account, the Stay 
AKA Hotel chain's Twitter account was used to fetch all the posted tweets, and only the 
tweets containing keywords relating to the hotel in Philadelphia (“Philadelphia”, “Philly”, 
“Ritten house”, “PA”) was retained for further analysis.

Data Analysis
Trends in the Google Search Volume of Queries Relating to Hotels in Philadelphia: As 
shown in Figure 1.

A chart describing relative comparison of search volume of queries relating to five 
different hotels in Philadelphia during the year from 2004 to 2014 can be constructed. As 
observed from Figure 1, there is a decreasing trend in the volume of search queries related to 
five randomly chosen hotels in Philadelphia over the period from 2004 to 2014. This might 
result from gradual changes in customer behavior in searching for lodging information. In 
fact, there are many possible hypotheses supporting this change. For example, as guest 
experience factors are believed to contribute up to fifty-one percent of the hotel selection 
decision (Market Metrix, 2010); there might have been a shift from the Google search engine 
to more industry-focused services like Trip Advisor. Even though there is no sufficiently firm 
evidence to claim such an alternation, the declining patterns found in the case of hotels in 
other cities of the United States (e.g. New York) and the increasing number of people 
consulting hotel reviews at Trip Advisor prior to booking (Anderson, 2012), do support this 
hypothesis. In addition, the declining variance in the search trend on the Le Meridien hotel, 
which has operated since 2010, also demonstrates the strong interest of users in a hotel during 
the very first period after establishment.

Awareness of hotels located in Philadelphia in social media engagement: In this part 
of the study, various observations on how active the selected hotels are in social media 
engagement, particularly on the Twitter social network, are tested.

Knowledge Transfer in the Tourism Industry: Implications of the Use of Social Media in Business Analysis



Table 3 shows the number of tweets and followers of the Twitter accounts for each of the 
hotels. The rankings given were calculated according to the total number of tweets and 
followers that each of the accounts has gathered. As we can see, the two 5-star hotels: Sofitel 
Philadelphia and the Four Seasons Hotel Philadelphia, are ranked as the top hotels that have 
been exploiting the Twitter service the most, with a total number of tweets of 9081 and 6868 
respectively, and the total number of followers of 7314 and 3889 respectively.
The rankings given were calculated according to the total number of tweets and followers 
that each of the accounts has gathered. As we can see, the two 5-star hotels: Sofitel 
Philadelphia and the Four Seasons Hotel Philadelphia, are ranked as the top hotels that have 
been exploiting the Twitter service the most, with a total number of tweets of 9081 and 6868 
respectively, and the total number of followers of 7314 and 3889 respectively.

An interesting observation on the tweeting patterns of the two groups of hotels over 
the 12 months between 2013 and 2014 is also found when we replace the Windsor Suites 
hotel with the Hyatt Regency at Penn's Landing, which is classified as a 5-star international 
hotel. As illustrated in Figure 3, we can clearly recognize that there is big difference in the 
involvement of the two groups of hotels in Twitter social media over the period. Specifically, 
the 5-star (luxury) hotel group is 3.5 times more active than the 5-star international (upper 
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Table 3.  Twitter usage statistics for each of the 8 selected hotels 

*Figure 2.  Number of tweets that each of two groups of hotels  posts and re-tweets
monthly during the year 2013 - 2014
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upscale) hotel group in terms of the total number of tweets. Moreover, it is also clearly 
demonstrated that there are also disparities regarding the peak time of posting tweets 
between the two groups of hotels. To illustrate, the 5-star hotels peak of tweets is around 
September, while the 5-star international peak is around May. 

Interestingly, if we shift the social media usage trend of the 5-star international hotel 
group forward by 1 month and show it in a secondary axis (see Figure 3),

We can see there is a similar pattern in the trends of the two groups of hotels. Which means 
that the 5-star group of hotels has a similar pattern in social media activities to the the 5-star 
international group, but 1 month later.

This might result from differences in the time of commencing lodging service research by 
two different target consumer segments in relation to the two hotel groups. We subsequently 
investigated whether this pattern was replicated in the much larger example sets of two 
groups of hotels. Figure 4 shows the trending patterns of Twitter agagement of a larger set of 
5-star and 5-star international of hotels; a total of 5 and 9 hotels, respectively, with the 5-star 
hotel group tweets being shifted 1 month a head. As observed, the pattern is different from the 
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Figure 3.  Number of tweets that each of the two groups of hotels posts and re-tweets
 monthly during the year 2013 ~ 2014, with the 5-star international group lagged

by 1 month.

Table 4. AIC result of auto ARIMA analysis in R language on two hotel groups with
different additional overlay data parameters: google trend data, management tweet

data and Google Trend & management tweets data.

Knowledge Transfer in the Tourism Industry: Implications of the Use of Social Media in Business Analysis
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initial sample set. The two hotel groups share a similar commitment on Twitter during the 
whole year, except for the period from June to September.

Word-Cloud, a qualitative analysis on what's in the tweets: In this analysis, we 
utilized text-mining techniques to gain insight on the contents of tweets posted by the two 
groups of hotels. Since the social media data, especially text data such as postings from 
Twitter or Facebook are usually textual and unstructured data with many noisy words 
(Barbier & Liu, 2011), it is very challenging to develop criteria to compare the Twitter 
contents of different hotels. However, we can recognize the textual pattern that those hotels 
are tweeting online to stay connected with the customers by generating word clouds (Figure 
5).

These are an image containing words in a way that the size of each word indicates its 
frequency or importance. By doing this, we can understand the differences in the actual usage 
of the Twitter social network of two groups of hotels, and even among the hotels.

In addition, we also recognize some interesting patterns in the word-cloud of hotel 
Sofitel Philadelphia, and the Bellevue at Philadelphia. Regarding the Sofitel hotel, the word 
“concierge choice” is one of the top used words in tweets, and might imply that the hotel 
attracts customers by regularly updating recommendations of interesting places (e.g. 
opening museum, famous attractions), restaurants, or events (e.g. new movies, festivals, etc.) 
around the hotel area. This information is usually imparted by the concierge in a major hotel. 
With regard to the Bellevue at Philadelphia hotel, since the word “Wedding” and “Photo” 
appear a lot in the hotel tweets, we can say that the hotel pays a lot attention to advertising its 
wedding services through Twitter.

Figure 5.  Word cloud of all tweets contents collected from the eight hotels'
Twitter accounts

Figure 4.  Normalized number of posting on Twitter from a larger set of two groups of
**hotels  during the year 2013 ~ 2014 with the 5-star hotel group lagged by 1 month

Journal of Hospitality & Tourism, Vol 13, No-1, 2015



The role of management tweets and google trends in predicting hotel occupancy: 
in this section, timeseries forecasting analysis was carried out to examine whether Google 
trend data and management tweets (tweets posted by hotel managers) support the predictions 
of the hotel occupancy rates in the two hotel groups studied. In order to achieve this, we 
carried out Auto-Regressive Integrated Moving Average (ARIMA) timeseries analyses in R 
language (auto.arima function) for each of the hotel groups, using four overlay data options. 
Akaike's Information Criterion (AIC) was used to determine whether management tweets 
and Google trends data contribute to a better hotel occupancy prediction model. Moreover, 
because of inconsistencies in the number of collected tweets among the hotels, an 
appropriate data period had to be chosen, so that all of the tweets posted in that period were 
available across all of the hotels in the target hotel group. 

Even though the AIC index (the smaller the better the predictability of model 
parameters) is not used to compare the performance of each different model, AIC can be used 
to compare the performance of a model under different parameters. The results show that 
Google trend and management tweet data did not contribute in improving the predictability 
of the base ARIMA model during the examining time period. Nevertheless, we continued to 
carry out Arima analysis on the data relating to the 5-star international group of hotels for a 
different time period: May 2010 ~ December 2013 (Table 5), and sought to forecast the 
occupancy rate of the 5-star international group of hotel in the year 2014.

The result gave a better AIC index for the Arima model, with the additional overlay 
data of both Google trend and management tweets, in comparison with other parameter 
options. This model was then tested to forecast the hotel occupancy rate in the time period 
from January 2014 to November 2014. The predicted occupancy rate of the 5-star 
international group of hotels is shown in Figure 6.
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Table 5.  AIC result of auto ARIMA analysis in R language on the 5-star international
hotel group with overlay data initiated in the period from May 2010 to December 2013

Figure 6.  Occupancy prediction for the 5-star international hotel group using the
Arima model with both Google trend and management tweets data as overlay

data parameters
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The calculated Mean Square Error of the prediction period (January 2014 ~ 
November 2014) is approximately 1.98, which is a fairly acceptable result in terms of the 
predictability of occupancy rates from social media data.

Limitations and Future Research : There are a number of limitations in this study, which 
are also promising future researching directions. Even though the study has carried out 
analysis regarding how the engagement of two hotel groups is in relation to Twitter social 
networking; it could not recognize whether the findings on the engagement pattern are right 
for all the hotels studied. This might have resulted from the limitations in the collection of 
management tweets from every hotel. Moreover, because the generated word-cloud depends 
on not only the number of words, but also on the number of collected tweets (which are 
largely different among hotels), other text-mining analyses should also be done to further 
support this research. Furthermore, the Arima anlysis with overlay data of different timeline 
periods can be modified to draw a more robust conclusion. Additionally, other types of social 
media data, such as hotel reviews, facebook posts, etc. can be furthered considered as 
promising predictors in the task of forecasting hotel occupancy. 

Future work will further address questions of reliability and validity of the 
sentiment measuring instrument advanced here. Further work could be performed to 
correlate external measures of reliability and validity with the derived sentiment measures. 
This could be achieved by monitoring the sentiment curve in real time and administering 
online questionnaires periodically. Measures of correlation between the scores measured in 
the questionnaires and the sentiment curve could then be calculated. Akehurst (2009), noted 
that “the time, energy, resources and costs required to locate relevant user generated content 
and extract useful and meaningful information was currently too much at the present time”, 
however we believe that data mining applied to social media can explain and reflect both 
numerically and visually societal trends, and in particular, those in the tourism industry.

Conclusion
This paper describes the different approaches in analyzing social media data, but 
concentrated on Google trend and Twitter postings data specifically. Quantitative analysis on 
the time-series, and text-mining analyses on the tweet contents revealed how competitive the 
two groups of hotels are at engaging in the Twitter social network. Despite the weak support 
of management tweet and Google trend data in predicting hotel occupancy using a time-
series forecast technique; there appear to be certain time periods in which those social media 
data play a more contributive role. Therefore, more research investigating the correlation 
relationships between Google trend, management tweets and public tweets data is very 
promising in generating a more reliable result in the near future.

The literature and practical experience in the tourism industry emphasizes that 
organizations depend on up-to-date and relevant market knowledge to compete in facility 
provision, and to promote the industry, as well as to manage the relationship with tourists. 
This paper shows that new forms of social media provide valuable and previously difficult to 
obtain real-time knowledge on tourist perceptions, concerns, and sentiment towards 
accommodation providers, and that these can be generalized. We have shown how analysis 
of comments from such social media as Twitter micro-blogs can be used to reveal potential 
and recent tourists motivations and travel sentiment relating to high quality hotels. The data 
gathering, preprocessing, analysis, and sentiment mining methodologies developed and 
used in this study supply tangible, actionable, and beneficial knowledge for predicting 
tourist movements and analyses of the tourism industry in any location (Zheng & Pan, 2011).

Sentiment mining is beginning to be applied in the context of tourism and 
hospitality, and demonstrates an ability to examine large data sets for trends that can predict 
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what consumers will choose in terms of a tourism destination, and also which areas they will 
avoid for emotional reasons. Such analyses imply that further work in this area using 
alternate data sets similar to those we have utilized in this study may provide tourism 
researchers with a rich source of knowledge for transfer to operators and the tourist. When 
the methodology we developed is focused on actual locations it will provide knowledge of 
market conditions and ways to move information to the place or recipient where it is most 
required.
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